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1. Translating customer needs into algorithms
To be able to personalize, we must first know which factors 
determine relevant customer behavior at Van Lanschot. 
Quite many questions were raised. Such as: what determines 
whether customers want to expand their invested capital? 
What determines whether customers find investment 
information relevant? Which determines whether someone 
is going to withdraw capital? And what determines whether a 
prospect grows into a valuable customer? Numerous hypo-
theses about customer behavior were created in consultation 
with the bankers, in which four factors play a role:

- The home situation of a customer, including his    
   demography and phase in the customer life cycle;
- The business situation of a customer, including
    firmographics and the phase in the business life    
    cycle;
-  The competition in the private banking market;
-  External factors, including the economy and laws    
    and regulations.

In this respect, the situation of an omnichannel
private bank, moreover, differs strongly from digital natives 
like Spotify and Netflix, where only one form of customer 
behavior (music and film preferences) needs to be translated 
into an algorithm to be able to offer personalized content.

To test the hypotheses and then translate them into
algorithms, a secure, internal data environment was
set up with a so-called longitudinal client profile. This
offers the possibility to - ensuring privacy and regulations – 
follow the behavior of customers through time
and thus also explain it. That was how it was possible
to predict when and how much incoming capital
from customers can be expected on the basis of historical
bonus and dividend payments. And that again turned out to 
be one of the main drives for expanding the invested capital.
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Also, with the help of artificial intelligence, the 
investing population could be segmented into 12 
clusters, which are homogeneous in terms of
investment portfolio and investment behavior. 
Thereby for example, is taken into account how often 
someone acts, what risk profile he or she has, and in 
what type instruments is invested,impact on the 
wishes of the customer concerning form, subjects, 
depth and frequency of investment information. 
So, in the first step was developed a first set of 
algorithms, in which the factors that determine 
customer needs are recorded.
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BANKS ARE DIGITIZING RAPIDLY. BECAUSE 
OF THIS, A GROWING NUMBER OF BANKING 
FUNCTIONS CAN BE CARRIED OUT BY 
CONSUMERS AND COMPANIES THEMSELVES 
AND FEWER OFFICES WILL BE NEEDED. 
That means of course that the personal contact 
becomes less frequent - a development that you 
see especially at retail banks. But how do you 
deal with digitization when personal contact is 
actually an essential aspect of your business? 
As in private banking, where the banker has a 
direct relationship with the customer?
It is precisely in this area that digitization will
provide new opportunities. After all, to make a 
personal approach through the digital channels
possible, the needs from the customer - the 
basis of personalization – be 'translated' into 
algorithms. And if that is achieved, the bankers 
themselves can also benefit from this. Because 
of the complexity of the Customers, every 
private banker has his or her specialties. 
Thanks to the use of algorithms these can be 
made accessible for all bankers. Just as chess 
players who improve their knowledge by using 
the chess computer. Thus argued, the best 
banker of the future may well be a cyborg. Two 
years ago, the private bank Van Lanschot, 
together with MIcompany, prepared a program 
for the use of artificial intelligence (AI). This 
program is set in three phases:

1. Translating multiform customer    
      needs in algorithms.
2. The scaling of these algorithms in   
      online and offline channels.
3. Making the algorithms maintainable   
      and manageable.

2. Scaling algorithms into online and 
offline channels
A next step was to automatically send relevant signals 
that were based on the developed algorithms to the 
different channels. This makes it possible to actually 
carry out relevant process innovations in the online and 
offline channels on scale (see figure 1).
An AI platform has been set up for this purpose from 
which both online and offline applications, such as the 
portal and the mobile app of bankers, are fed from the 
algorithms with signals (see figure 2). 

How Model Management is becoming the 
core competence of the bank of the future

Figure 1. The integrated chain to operationalize algorithms.

1Wouter Huygen en Marnix Bügel are both partner of MIcompany, 
Guido van Aubel is director Investment Office of Van Lanschot and responsible for Data Analytics with the bank.  
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LEARNINGS
1. LIMIT THE SCOPE IN THE FIRST STEP
TO SHOW RESULTS.
In the case of personalization of customer
Service, personalization with AI can be a challenge.
Certainly when the diversity of customer needs
and linked services - as in Van Lanschot's case - is great.
Not to lapse into an infinite program, it is important to 
select the first high-impact use cases for AI and to build 
Minimal Viable Products (see learning 2).

2. SEEK INSIGHT IN THE PROCESS
INFORMATION AS SOON AS POSSIBLE.
Although building nice AI-solutions
is a sport, this is not the end goal. In the end
it is about executing innovations into
the customer process. Therefore, already in the first 
phase you should built a first version of an app 
- also called Minimal Viable Product (MVP) – to be 
able to scale developed algorithms in customer proces-
ses.

3. MAKE CULTURE CHANGE AS
IMPORTANT AS THE DEVELOPMENT OF 
TECHNOLOGY.
Application of new technology always creates
opposition and skepticism within the organization, 
which must be overcome. In that, in the beginning, it 
helps to put feasibility above impact – often, seeing is 
believing. It is also crucial to involve the organization 
early in the process, also, in the development phase. 
Then, valuable knowledge is at once included and a 'not 
invented here' syndrome is prevented.

4. MAKE QUALITY ASSURANCE AND MODEL 
GOVERNANCE  DIRECT PART OF THE
PROGRAM.
The proper functioning of artificial intelligence 
depends on the quality and reliability of algorithms. 
With 'wrong' results, confidence in AI is quickly lost. It 
is therefore very important to follow the operation of 
algorithms, so that on one hand maintenance can take 
place  on time and on the other hand results of algorit-
hms can be shared with the organization.

based on a data set that is not used to train the 
algorithm. Validation and performance management 
provide structural insight into the power and 
reliability of algorithms. To maintain quality - and to 
continuously improve, - algorithms are maintained 
periodically and 'trained' with new data, making 
them self-learning. In addition, there are also larger 
adjustments, such as the adding new data parame-
ters, or the deploying of other techniques.
Therefore, shadow algorithms also run in the MCC.
These prototypes differ in design and run as alterna-
tive for the primary algorithms in operation. When 
the quality of shadow algorithms surpass that of the 
operational algorithms, an update can be implemen-
ted. To let the maintenance and improvement run 
smoothly, in the MCC is also described in the 
algorithm (model manual) and responsibilities are 
determined (model accounting view).

Results
After two years, results have been booked at Van 
Lanschot on three levels. In the first place it appears 
possible to set customer needs with AI. For instance,  
with an algorithm you can predict with 80 percent 
certainty future large deposits - incoming assets. By 
sending a signal to the banker via the AI platform 
now is avoided that clients unnecessarily - without a 
return - keep liquid assets. This last was before the 
program the case in 30 percent of the situations. It 
also turns out to make investment information 
relevant based On the algorithm in 60 to 70 percent 
of the cases. In other words, the algorithms function.

We have also succeeded in scaling the algorithms 
to the channels. Not just online - e-mail, app and
website - but also offline. Now, monthly hundreds 
of signals are sent via applications to bankers 
and translated to actions.
Finally, competences have been built within Van 
Lanschot to keep algorithms up-to-date and to 
develop new algorithms. For this they, a new data 
science department makes use of the Model Control 
Center. The banker of the future is therefore, in a 
way, indeed a cyborg, of which equal results may be 
expected as of the cooperation between chess 
computer and chess players.

This is the first episode of a series of data & analytic cases. 
Next month: artificial intelligence at Leaseplan.

3. Making the algorithms maintainable and 
manageable
The number of algorithms for customer needs is large 
and will only be getting larger. How do you now ensure 
that there arise no unwanted situations because of 
algorithms that get out of step? After all, already the 
external environment constantly changes, such as the 
laws and regulations and/or the offer and approach of 
competitors. 
To meet this challenge a central control center has been 
set up as a component from the AI platform: the Model 
Control Center (MCC). The MCC is a standardized 
environment to safeguard  the quality and performance 
of algorithms from four 
perspectives (figure 3).

1. The performance of the algorithms
2. The statistical validity
3. The description of the operation
4. The responsibilities for development
      and management (the governance).

The MCC offers a framework and the technology to 
steer the life cycle of algorithms. First, in the perfor-
mance monitor is monitored how good an algorithm 
works in actual practice. The precision of an algorithm is 
an important KPI for this: which part of the predictions 
has come true? If I predict that a particular customer is 
interested in, for example, sustainable investment, how 
often is that correct? Figure 2. The App with customer signals for bankers.

 A counterpart is also important: which outcomes are 
missed by the algorithm? Secondly, the statistical validity 
of algorithms is monitored in the validation monitor. This 
validation consists of a number of standardized tests to 
evaluate the robustness and predictive power of models 
based on historical data. A well-known example of this is 
out of sample testing, where you look how good an 
algorithm can predict historical results

Figure 3. Model Management in the Model Control Center.
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The performance monitor 
shows the difference between 
prediction and realization and 
can be used as trigger when the 
deviation exceeds the target

The validation monitor shows 
the statistical validation of the 
model and can be used to 
monitor the stability and 
understand the significance 

The model manual gives users 
insight in how to interpret the 
model output and understand 
the most important drivers

Model accounting view keeps 
track of different model 
governance components and 
those responsible
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